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Abstract: 

This article examines how artificial intelligence (AI) adoption can support productivity, 

innovation, competitiveness, and inclusion in emerging economies. Using an integrative 

conceptual review, it develops the Responsible AI-Enabled Inclusive Transformation (RAI-

EIT) framework, which links four enabling conditions - digital infrastructure, human capital, 

organizational capabilities, and institutional governance - to productivity, innovation, and 

inclusive economic transformation. The analysis argues that AI creates durable value only when 

technology is embedded in redesigned processes, supported by skills and reliable data, governed 

transparently, and diffused beyond large firms. The framework integrates firm-level 

capabilities, innovation ecosystems, and national development objectives, and is translated into 

research propositions, a Morocco-based illustration, and a staged roadmap. For managers, the 

study highlights use-case prioritization, data governance, workforce development, and human 

oversight. For policy-makers, it emphasizes SME support, territorial inclusion, interoperable 

infrastructure, and accountable regulation. The article contributes a context-sensitive model that 

treats responsible governance as a productive condition of AI-led transformation rather than a 

separate compliance requirement. 

Keywords: Artificial Intelligence; Responsible Governance; Organizational Capabilities; 

Productivity; Innovation; Inclusive Growth; Emerging Economies. 
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1. INTRODUCTION 

Artificial intelligence (AI) has moved from a technical specialty to a central concern in 

applied management and economics. Advances in machine learning, generative systems, 

intelligent automation, predictive analytics, and data-driven decision support are reshaping 

how organizations allocate resources and create value (Makridakis, 2017; Vial, 2019; 

Dwivedi et al., 2023). For emerging economies, the key question is not whether AI will 

influence transformation, but under what managerial and institutional conditions its benefits 

can be sustained and broadly shared. 

At the firm level, AI can improve forecasting, personalize services, lower transaction costs, 

augment decisions, and accelerate experimentation (Agrawal et al., 2018; Davenport & 

Ronanki, 2018). At the economy-wide level, it may support productivity, industrial 

upgrading, digital entrepreneurship, and public-sector modernization. These effects are 

conditional, however, because implementation requires reliable infrastructure, skilled 

workers, usable data, organizational redesign, and credible governance (Brynjolfsson et al., 

2021; Berente et al., 2021). 

This paper therefore treats adoption as a multidimensional transformation process rather than 

a technology purchase. It asks: how can responsible AI adoption contribute to productivity, 

innovation, competitiveness, and inclusive economic transformation in emerging economies? 

The answer is developed through a conceptual framework that connects firm capabilities with 

innovation ecosystems and national development conditions. 

1.1 Scientific Originality and Contribution 

The article develops the Responsible AI-Enabled Inclusive Transformation (RAI-EIT) 

framework, which connects digital infrastructure, human capital, organizational capabilities, 

and institutional governance. Its central claim is that technology produces durable value only 

when it is converted into a managed capability and embedded in transparent, accountable, and 

inclusive arrangements. 

The study makes four contributions. It shifts attention from tool acquisition to capability 

formation; links firm-level practices to country-level constraints; treats responsible 
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governance as a condition of performance rather than an external compliance layer; and 

translates the model into testable propositions, a Morocco-based illustration, and a staged 

roadmap for managers and policy-makers. 

 

Fig. 1. Conceptual positioning of artificial intelligence adoption in emerging economies. 

Table 1. Originality and scientific contribution matrix 

Originality dimension Scientific added value Practical relevance 

Conceptual originality 
RAI-EIT framework for 

emerging economies. 

Coordinates projects around 

four enabling conditions. 

Theoretical integration 

Links dynamic capabilities, 

governance, ecosystems, and 

inclusion. 

Shows why value depends on 

complementary assets. 

Contextual contribution 

Accounts for digital divides, 

SME readiness, and 

skills/data constraints. 

Supports country- and sector-

level adaptation. 
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Originality dimension Scientific added value Practical relevance 

Operational contribution 

Four propositions, a 

Morocco illustration, and a 

five-stage roadmap. 

Enables implementation and 

empirical testing. 

2 LITERATURE REVIEW 

2.1 Economic Value, Complementarities, and the Productivity Debate 

Economic research often presents AI as a general-purpose or prediction technology capable of 

lowering decision costs and enabling new products (Agrawal et al., 2018). Yet observed 

productivity effects are uneven and frequently delayed. The productivity J-curve suggests that 

organizations must first invest in data, skills, workflow redesign, and other intangible 

complements before measured gains appear (Brynjolfsson et al., 2021). Firm-level evidence 

similarly associates AI capability with creativity and performance, but only when technical 

resources are combined with managerial and organizational routines (Mikalef & Gupta, 

2021). 

This literature does not support a simple automation-equals-growth assumption. Case 

evidence shows that many initiatives remain narrow pilots when use cases, process 

ownership, and employee adoption are weak (Davenport & Ronanki, 2018). The automation-

augmentation paradox further indicates that the same system may substitute for some tasks 

while complementing judgment in others (Raisch & Krakowski, 2021). Labor-market analysis 

also warns that automation can displace tasks and concentrate returns, even when aggregate 

productivity improves (Acemoglu & Restrepo, 2018). Productivity should therefore be treated 

as a capability-mediated and distribution-sensitive outcome. 

2.2 Governance, Distribution, and the Inclusion Debate 

Responsible-AI guidance converges around transparency, fairness, accountability, privacy, 

security, and human oversight, but principles vary in operational detail and enforcement 

strength (Jobin et al., 2019; OECD, 2019; UNESCO, 2022). One view treats governance 

primarily as a constraint that can slow experimentation. A competing view regards it as an 

organizational capability that improves trust, decision quality, and adoption legitimacy 
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(Berente et al., 2021). The control problem identified by Russell (2019) reinforces the need to 

align system objectives with human values and retain meaningful oversight. 

The distributional evidence is equally mixed. AI can expand access to finance, education, 

health, public services, and environmental monitoring, thereby supporting sustainable-

development goals (Vinuesa et al., 2020). However, benefits may remain concentrated where 

infrastructure, data, capital, and advanced skills are already abundant (Filippucci et al., 2024; 

World Bank, 2025). Inclusion therefore depends on diffusion across SMEs, regions, and 

public institutions, as well as on contestability, redress, and safeguards against discrimination, 

surveillance, and unfair labor practices. 

2.3 Critical Synthesis and Research Gap 

The literature contains three unresolved tensions. First, AI is frequently modeled as a direct 

productivity driver, whereas empirical and managerial research indicates that benefits are 

mediated by intangible investment, learning, and process redesign. Second, automation may 

improve efficiency while simultaneously displacing tasks or concentrating gains among large 

firms and highly skilled workers. Third, governance is often treated either as a constraint or as 

a legitimacy mechanism, but its contribution to performance and diffusion remains under-

specified. 

These tensions reveal a gap at the intersection of management and development research. 

Existing studies rarely integrate micro-level capabilities, meso-level ecosystems, and macro-

level inclusion in one model adapted to emerging economies. The RAI-EIT framework 

addresses that gap by explaining how infrastructure, skills, organizational readiness, 

governance, and diffusion jointly condition productivity, innovation, and inclusion. 
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Fig. 2. Responsible artificial intelligence adoption framework for emerging economies. 

3 CONCEPTUAL FRAMEWORK AND METHODOLOGICAL APPROACH 

3.1 Review Design and Search Strategy 

This study uses an integrative conceptual review to construct and refine the RAI-EIT 

framework. The design is appropriate because the objective is theory building and analytical 

integration rather than effect-size estimation or hypothesis testing. The evidence base 

combines peer-reviewed management and economics research with authoritative institutional 

reports. 

The search frame covered Scopus- and Web of Science-indexed journals, Google Scholar for 

citation chaining, and the repositories of the OECD, World Bank, IMF, and UNESCO. 

Keyword combinations linked four clusters: "artificial intelligence" or "machine learning"; 

"productivity", "innovation", or "competitiveness"; "responsible AI", "ethics", or 

"governance"; and "emerging economies", "developing countries", or "inclusive growth". The 

main publication window was 2017-2025, with earlier foundational work retained when 

theoretically necessary, notably dynamic capabilities (Teece, 2007). 

 



 

 

 

 

 

 

www.IJAME.com                                                                                                                       Page 229  

International journal of applied management and economics 

Vol : 02 , N° 21 , August 2026 

ISSN :  2509-0720 

3.2 Screening and Analytical Synthesis 

Sources were included when they addressed organizational adoption, economic effects, skills, 

governance, diffusion, or development outcomes and provided a clear scholarly or 

institutional basis. Purely technical studies, duplicate arguments, non-traceable sources, and 

items without managerial or economic relevance were excluded. Selection prioritized source 

quality, conceptual relevance, theoretical diversity, and coverage of micro, meso, and macro 

levels. 

Titles and abstracts were screened for relevance, followed by full-text or official-summary 

assessment. The retained evidence was coded into four enabling conditions (infrastructure, 

human capital, organizational capabilities, and governance), three outcome domains 

(productivity, innovation, and inclusion), and two cross-cutting issues (diffusion and risk). 

Contradictory findings - including delayed productivity gains and possible task displacement - 

were retained in the synthesis (Acemoglu & Restrepo, 2018; Brynjolfsson et al., 2021; 

Filippucci et al., 2024). The corpus is purposive rather than exhaustive, which is consistent 

with the study's conceptual aim but limits systematic-review claims. 

3.3 Research Propositions 

P1: AI adoption improves organizational productivity only when firms possess adequate data 

governance, digital leadership, and process-redesign capabilities. 

P2: Human-capital readiness strengthens the relationship between AI adoption and innovation 

performance because employees and managers must interpret, challenge, and apply 

algorithmic outputs effectively. 

P3: Responsible governance strengthens the relationship between AI adoption and inclusive 

growth by reducing bias, opacity, exclusion, and misuse of data. 

P4: The macroeconomic effect of AI in emerging economies depends on diffusion across 

SMEs, regions, sectors, and public institutions rather than adoption by a limited number of 

large organizations. 
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Table 2. Research propositions derived from the conceptual framework 

Code Proposition Expected implication 

P1 

AI affects productivity 

through organizational 

capabilities. 

Invest in process redesign 

and data governance. 

P2 

Human capital strengthens 

the AI-innovation 

relationship. 

Treat training and digital 

literacy as strategic assets. 

P3 
Governance strengthens the 

AI-inclusion relationship. 

Use transparency and 

accountability to reduce 

exclusion. 

P4 
Macroeconomic effects 

depend on broad diffusion. 

Support SMEs and territorial 

inclusion. 

3.4 Analytical Framework 

The framework assumes that AI creates economic value through complementary capabilities 

rather than through adoption alone. Digital infrastructure provides connectivity, cloud 

capacity, data platforms, cybersecurity, and interoperable services. Human capital supplies 

technical skills, managerial judgment, digital literacy, and continuous learning. Organizational 

capabilities convert data and tools into redesigned processes, experimentation, and change. 

Institutional governance establishes standards for fairness, privacy, accountability, 

transparency, security, and human oversight (Teece, 2007; Mikalef & Gupta, 2021; OECD, 

2019). 

When these pillars are aligned, the adoption process can progress from isolated pilots to 

repeatable routines and wider diffusion. The model therefore treats productivity, innovation, 

competitiveness, and inclusion as conditional outcomes shaped by the interaction of 

complements, not as automatic effects of technology. 
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Fig. 3. Integrated conceptual model of responsible AI-driven economic transformation. 

Table 3. Main contributions of the proposed framework 

Dimension 
Contribution to the 

literature 
Practical relevance 

AI adoption 
Treats AI as a socio-technical 

capability. 

Supports strategic use-case 

selection. 

Productivity 
Explains capability-mediated 

performance. 

Links process redesign to 

outcomes. 

Innovation 

Connects firm capability 

with ecosystem 

collaboration. 

Guides partnerships and 

experimentation. 

Inclusive growth 
Makes diffusion and access 

explicit. 

Targets SMEs and 

underserved regions. 

Responsible management 
Integrates ethics with 

performance. 

Strengthens trust and 

accountability. 
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4 EMPIRICAL ILLUSTRATION: MOROCCO AS AN EMERGING-ECONOMY 

CONTEXT 

4.1 National Context and Scope 

Morocco is used as an analytical illustration of a middle-income economy combining digital-

transformation ambitions, a growing service base, industrial modernization, and public-sector 

digitization with persistent skills, territorial, and firm-level diffusion gaps. The purpose is not 

to claim a country-level causal test, but to demonstrate how the framework can organize 

context-specific diagnosis and action. 

4.2 Application of the Framework 

Applied to Morocco, the framework directs attention away from procurement alone and 

toward coordinated complements. In banking, logistics, education, tourism, agriculture, and 

public administration, priority use cases include forecasting, customer support, fraud 

detection, personalization, resource allocation, and administrative processing. Their value 

depends on secure data, trained staff, process ownership, SME access, and accountable 

oversight. This interpretation is consistent with broader evidence that AI readiness in 

developing contexts rests on infrastructure, skills, and governance foundations (World Bank, 

2025). 

Table 4. Secondary-data illustration: applying the framework to Morocco 

Framework pillar 
Operational 

indicators 

Expected 

contribution 
Priority action 

Digital infrastructure 

Connectivity, cloud, 

cybersecurity, 

interoperability 

Enables secure, 

scalable AI services. 

Build reliable shared 

platforms. 

Human capital 

Digital literacy, data 

skills, AI 

management 

Improves 

interpretation and 

productive use. 

Expand reskilling 

and curricula. 
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Framework pillar 
Operational 

indicators 

Expected 

contribution 
Priority action 

Organizational 

capabilities 

Data governance, 

process redesign, 

change management 

Converts tools into 

performance gains. 

Provide SME 

diagnostics and 

implementation 

support. 

Institutional 

governance 

Ethics, privacy, 

transparency, 

accountability 

Builds trust and 

reduces legal/social 

risk. 

Establish guidance 

and oversight. 

5 DISCUSSION 

5.1 Productivity and Innovation 

The framework does not posit a direct or uniform relationship between AI and performance. 

Productivity gains are more plausible when firms redesign workflows, improve data quality, 

and combine automation with human judgment; otherwise, projects may remain pilots or shift 

costs without creating durable value (Davenport & Ronanki, 2018; Raisch & Krakowski, 

2021). Innovation benefits similarly depend on experimentation routines and collaboration 

among firms, universities, start-ups, and public institutions (Nambisan et al., 2019). 

5.2 Inclusion, Governance, and Diffusion 

Inclusion is the principal boundary condition. AI can widen access to public services, finance, 

education, and markets, and it may support sustainable-development objectives (Vinuesa et 

al., 2020). Yet it can also reinforce inequality when infrastructure, data, capital, and advanced 

skills are concentrated. Responsible governance must therefore be evaluated not only by 

formal principles but by implementation, contestability, human oversight, and the diffusion of 

benefits across SMEs, regions, and social groups (Jobin et al., 2019; UNESCO, 2022). 
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6 MANAGERIAL AND ECONOMIC IMPLICATIONS 

6.1 Managerial Implications 

Managers should begin with a bounded business problem, a measurable baseline, and clear 

process ownership. They must assess data readiness, select use cases, redesign workflows, 

train affected employees, validate outputs, and monitor technical, legal, and operational risks. 

Human oversight should be proportionate to the consequence of the decision, and deployment 

should scale only after value and control assumptions have been tested. 

6.2 Economic and Policy Implications 

At the policy level, the central objective is broad diffusion rather than isolated excellence. 

Public action should strengthen interoperable infrastructure, digital and managerial skills, 

SME advisory support, research-industry links, procurement capacity, and accessible 

governance guidance. This combination can improve competitiveness while reducing the risk 

that productivity gains accrue only to a small set of firms or regions (Filippucci et al., 2024; 

Georgieva, 2024). 

 

Fig. 4. Economic and managerial implications of responsible artificial intelligence adoption. 
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7 STRATEGIC RECOMMENDATIONS 

7.1 Strategic Diagnosis and Capability Building 

Organizations should first conduct a strategic diagnosis that links sector priorities to a small 

portfolio of feasible use cases. Each use case should have an accountable owner, data 

requirements, success metrics, workforce implications, and a risk classification. Capability 

building should then combine data literacy, AI fundamentals, cybersecurity, managerial 

judgment, and role-specific reskilling. 

7.2 Infrastructure, Governance, and Inclusion 

Governments and ecosystem actors should invest in reliable connectivity, secure cloud and 

data services, interoperable public systems, and applied support for SMEs and underserved 

regions. Governance arrangements should define transparency, privacy, fairness, security, 

auditability, redress, and human oversight. Inclusion criteria should be embedded in funding 

and procurement so that women, young entrepreneurs, rural communities, and vulnerable 

groups are not treated as afterthoughts. 

7.3 Staged Execution and Continuous Evaluation 

The roadmap in Figure 5 translates these priorities into five stages: strategic diagnosis, 

infrastructure, human-capital development, responsible governance, and inclusive innovation. 

Progress should be monitored through outcome and risk indicators, with periodic review and 

corrective action. Scaling should remain conditional on evidence of value, safety, and 

distributional benefit. 
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Fig. 5. Strategic roadmap for responsible artificial intelligence adoption in emerging 

economies. 

8 SCIENTIFIC CONTRIBUTION AND ORIGINALITY OF THE STUDY 

8.1 Conceptual Contribution 

The study's primary conceptual contribution is to explain AI adoption as a socio-technical 

capability rather than a stand-alone technology decision. RAI-EIT connects dynamic 

capabilities, governance, innovation ecosystems, and inclusion, thereby clarifying why 

identical tools can produce different outcomes across firms and countries. 

8.2 Multi-Level Contribution and Testability 

The framework also specifies a multi-level logic of impact. At the micro level, it links data, 

skills, routines, and oversight to decision quality and productivity. At the meso level, it 

highlights universities, start-ups, intermediaries, and public-private partnerships as diffusion 

mechanisms. At the macro level, it makes competitiveness conditional on access, territorial 

spread, and institutional capacity. This structure yields propositions that can be tested through 

surveys, interviews, case comparisons, and longitudinal indicators. 
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9 LIMITATIONS AND FUTURE RESEARCH 

9.1 Limitations 

The study has three limitations. First, the framework is conceptual and is not tested with firm-

level surveys, interviews, experiments, or econometric data. Second, the literature corpus is 

purposive rather than exhaustive, so it may not capture every sectoral or regional debate. 

Third, emerging economies differ in infrastructure, industrial structure, institutional capacity, 

education, labor markets, and innovation systems, which constrains direct generalization. 

9.2 Future Research Agenda 

Future research should operationalize the four enabling pillars and test the proposed 

moderating and diffusion relationships. Comparative studies could examine SME adoption, 

labor-market transitions, sector-specific governance, and territorial inequality. Longitudinal 

work could evaluate whether national AI strategies strengthen innovation ecosystems and 

whether responsible-governance practices improve trust, performance, and inclusion. A 

validated readiness index would also support organizational and cross-country comparison. 
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CONCLUSION 

AI is a major technological and managerial force, but its effects in emerging economies are 

neither automatic nor uniformly positive. Productivity and innovation opportunities coexist 

with risks related to skills gaps, weak governance, bias, concentration, and uneven diffusion. 

This article proposed the RAI-EIT framework, which connects digital infrastructure, human 

capital, organizational capabilities, and institutional governance to productivity, innovation, 

competitiveness, and inclusion. Its central implication is practical: organizations and 

governments should scale AI only when complementary capabilities, transparent oversight, 

measurable value, and broad access develop together. The framework offers a testable and 

context-sensitive basis for future empirical research and responsible implementation. 
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